The experimental autoimmune encephalomyelitis (EAE) is an autoimmune disease of the central nervous system commonly used to study multiple sclerosis (MS). We combined clinical EAE phenotypes with genome-wide expression profiling in spleens from 150 backcross rats between susceptible DA and resistant PVG rat strains during the chronic EAE phase. This enabled correlation of transcripts with genotypes, other transcripts and clinical EAE phenotypes and implicated potential genetic causes and pathways in EAE. We detected 2285 expression quantitative trait loci (eQTLs). Sixty out of 599 cis-eQTLs overlapped well-known EAE QTLs and constitute positional candidate genes, including Ifit1 (Eae7), Atg7 (Eae20-22), Klrc3 (eEae22) and Mfsd4 (Eae17). A trans-eQTL that overlaps Eae23a regulated a large number of small RNAs and implicates a master regulator of transcription. We defined several disease-correlated networks enriched for pathways involved in cell-mediated immunity. They include C-type lectins, G protein coupled receptors, mitogen-activated protein kinases, transmembrane proteins, suppressors of transcription (Jundp2 and Nr1d1) and STAT transcription factors (Stat4) involved in interferon signaling. The most significant network was enriched for T cell functions, similar to genetic findings in MS, and revealed both established and novel gene interactions. Transcripts in the network have been associated with T cell proliferation and differentiation, the TCR signaling and regulation of regulatory T cells.
INTRODUCTION
A predisposition to develop a complex disease such as multiple sclerosis (MS) is regulated by numerous genetic variants that each contribute small effects (1) . Clinically, MS is characterized by immune-mediated destruction of myelin sheaths and axons in the central nervous system, leading to progressive disability. Despite recent substantial progress in deciphering genetic variants that contribute to susceptibility (2) , little is known about the functional outcomes of these risk-associated variants, in part due to limitations in access of relevant human samples. In addition, identified risk alleles together explain only a fraction of disease heritability and variance (2) . Additional risk variants conferring small effects may contribute to heritability of complex diseases, and the clustering of genes (below thresholds for significant association with MS) into functional networks supports this hypothesis (3) . Unraveling the functions of susceptibility genes through identification of pathways enriched with risk genes can reveal mechanisms central in disease regulation.
An animal model widely utilized to characterize the genetic basis and disease mechanisms of relevance for MS is experimental autoimmune encephalomyelitis (EAE). Myelin oligodendrocyte glycoprotein (MOG)-induced EAE in rats mimics many features of MS (4), including inflammation and demyelination, relapses and remissions and immune cell infiltration. Linkage analysis in experimental animal crosses can readily detect quantitative trait loci (QTLs) related to clinical traits of complex diseases, and over 50 QTLs have been identified in EAE (5) . Several genes underlying QTL effects in rats were positionally cloned and a number of them have been subsequently confirmed to regulate human counterpart (6) . However, it has been challenging to define single quantitative trait genes (7) .
Given the high heritability of variation in gene expression (8) , identifying determinants of gene expression may give insights into pathogenic mechanisms of complex traits. The approach of mapping quantitative variation in gene expression was introduced in 2001 (9, 10) . This approach yields expression QTLs (eQTLs) (11) , which influence expression of transcripts either in cis or in trans, where cis-acting eQTLs are located in close proximity of the target gene itself, while trans-acting eQTLs are located in a region distant from the gene it regulates. Technical artifacts excluded (e.g. hybridization differences) (12) ; cis-regulatory effects can usually be mapped with high statistical significance and could be explained in most cases by a variation in DNA sequence in the regulatory regions of the target gene (13) . Cis-eQTLs that overlap trait QTLs constitute plausible candidate genes underlying the trait QTL effect. During the last decade, the use of genome-wide expression profiling combined with linkage analysis in segregating populations has identified genomic variations that regulate complex traits in experimental models (6, 14, 15) . In addition, the approach has been utilized to characterize genetically driven networks of genes giving insights into pathways and functions critical for the trait of interest (16) .
In this study, we combined genome-wide expression analysis in spleen from an experimental backcross (BC) between EAEsusceptible Dark Agouti (DA) and EAE-resistant Piebald Viral Glaxo (PVG) rat strains during the chronic phase of EAE with clinical EAE phenotypes and classical EAE QTLs. These two inbred rat strains have been extensively used in our laboratory to characterize EAE QTLs (5, (17) (18) (19) (20) (21) (22) (23) (24) (25) (26) (27) . We characterized several potential positional candidate genes for known EAE QTLs that provide a good base for further functional studies. Genome-wide expression analysis in the chronic stage EAE enabled correlation of transcripts not only with genotypes and to each-other but also with the clinical EAE phenotypes. We defined several disease-correlated gene networks partially genetically regulated by loci that predispose for EAE. Some were enriched for pathways involved in cell-mediated immune mechanisms of relevance for EAE and MS, and also included genes or family members of genes associated with MS.
RESULTS

Overview of eQTLs in the chronic stage of EAE
We used the eQTL approach to identify candidate genes and pathways that regulate EAE. This was achieved by combining clinical EAE phenotypes in a BC with whole-genome transcript expression analysis in splenic tissue from 150 BC male rats. Spleens were collected at day 35 after induction of EAE and expression was measured using Affymetrix Rat Gene 1.0 ST Arrays. The evidence for linkage was tested between genotype and gene expression (27342 transcripts) to identify hereditary components and revealed a total of 2285 eQTLs with genomewide significance of P ≤ 0.05 (Table 1, Supplementary Material, Tables S1 and S2) . By introducing clinical traits as covariates that had been recorded during the clinical EAE experiments, we evaluated if the detection of eQTLs depends on disease incidence and severity. A majority of detected eQTLs did not depend on disease incidence or severity, as depicted in the Venn diagram (Fig. 1A) . Thus, we report only EAE status as a disease covariate in Table 1 . An overview of cis-and transacting eQTLs across the genome is presented in Figure 1B .
Co-localized trans eQTLs
Trans-acting eQTLs (Fig. 1B and Supplementary Material,  Table S2 ) do not involve DNA variation in the expressed Number of cis-and trans-regulated transcripts for each chromosome and total (rows) for a selection of clinical phenotypes as covariates (column pairs). eQTLs were selected to have a logarithm of odds score ≥ 2 (generated with the HaleyKnott regression model in R/qtl) and a genome-wide corrected P-value of ≤0.05 (generated with 1000 permutations). Numbers in parentheses refer to the subset of transcripts controlled by loci in EAE QTLs (see Supplementary Material, Table S5 ). Abbreviations: eQTL, expression quantitative trait locus; Chr, chromosome; Transcript, no covariate; EAE(a), incidence of EAE as covariate, additive model; EAE(i), incidence of EAE as covariate, interactive model. transcript in question; instead, the transcript is regulated by other more distant genetic variations. Therefore, trans-regulation can denote a genomic location of a master regulator of transcription (16) . Functional analysis using ingenuity pathways analysis (IPA) revealed a significant association of trans-regulated genes with liver × receptor/retinoid × receptor activation, nuclear receptors involved in transcriptional regulation (28) and inactivation of platelet activating factor (Supplementary Material, Tables  S3 and S4 ). Vertical trans-bands of co-localized eQTLs reflect the genomic position of a regulator of multiple eQTL transcripts (29, 30) . Such bands were observed on rat chromosomes (RNO) 1, 2 and 17, with the trans-band on RNO17 overlapping an EAE regulating QTL, Eae23a, related to several clinical traits of complex disease (26) . Although the trans-band on RNO17 was not enriched for a functional pathway, we observed regulation of many small nucleolar RNA genes and spliceosomal small nuclear RNAs from this genomic region (Supplementary Material, Table S2 ). These have been reported to be involved in epigenetic modifications (31) and the formation of spliceosomes (32) , respectively. Additionally, we observed that genes in these families negatively correlate with disease phenotypes.
Candidate genes denoted by cis eQTLs A cis-acting eQTL directly identifies expression variations in a gene that in turn can regulate a physiological trait or molecular pathway. One of the most significant cis-eQTLs was the regulator of G-protein signaling 4 (Rgs4) ( Table 2 ) on RNO13. We performed IPA analysis and recorded that Rgs4 and its most correlated transcripts associated with cell proliferation and migration, integrin and endocytosis signaling (Supplementary  Material, Tables S3 and S4 ). Although Rgs4 does not reach a genome-wide significance in human GWAS, it is of interest that its family member Rgs1 is associated with MS (33) and that the Rgs14 gene region is associated with Crohn's disease, another disease with chronic inflammatory features (34) .
In the next stage, we combined eQTL analysis with classical EAE QTLs. Analysis of EAE QTLs that segregate between DA and PVG strains was performed in a larger set of 421 BC rats, encompassing 150 rats used for eQTL analysis, and all EAE QTLs are reported in Supplementary Material, Table S5 (Stridh et al., unpublished data). A large proportion of the QTLs also showed evidence of linkage in a subset of 150 animals used for eQTL analysis, albeit with less significance due to decreased power in a smaller sample. Therefore, we focused on all well-established EAE QTLs that have been identified in more than one well-powered study (Table 3, Supplementary Material, Table S5 ), while emphasizing the QTLs identified in this BC (Table 3) .
We then examined the eQTL data for candidate genes underlying EAE phenotypes. Of all eQTLs with a P-value ≤0.05, a total of 60 cis-eQTLs (Table 3 ) with LOD ≥ 3.9 resided in previously known EAE QTLs present in the same DA and PVG strain combination (Supplementary Material, Table S5 ), such as Ifit1 (Eae7), Atg7 (Eae20-22), Klrc3 (eEae22) and Mfsd4 (Eae17), among others. These 60 cis-eQTLs were mainly associated with functional pathways of natural killer (NK) cell signaling and molecular functions of cellular growth and proliferation (Supplementary Material, Tables S3 and S4). A cis-eQTL that maps to a disease QTL can be considered a likely causal gene underlying the disease QTL.
Gene networks of inter-dependent genes that correlate with clinical phenotypes
Complex phenotypes are often the result of a response of multiple functionally interacting genes. Combining genome-wide expression traits with clinical information enables the study of gene networks of inter-dependent genes that can be correlated with clinical phenotypes. With weighted correlation network analysis (WGCNA) (35), we identified eight gene networks that significantly correlated with EAE phenotypes (including susceptibility and severity phenotypes, weight loss and anti-MOG IgG titers). We performed IPA of transcripts for each separate gene network to identify their functional properties. Significant associations with canonical pathways were discerned for six of the eight identified gene networks (Supplementary Material, Table S6 ) and four of these are described below.
A gene network enriched for T cell functions shows strong correlation with EAE The most striking gene network A (Fig. 2 , Supplementary Material, Tables S6 and S7) associated with molecular functions including T cell-mediated immune mechanisms (Tables 4  and 5 ), which have also been implicated in MS (2) . This network gave the strongest positive correlation with EAE eQTLs were selected to have a logarithm of odds (LOD) score ≥ 10 and a genome-wide corrected P-value ≤0.05 (generated with 1000 permutations). Cis-eQTLs were considered those having no genetic marker between the peak of the linkage score and the chromosomal region coding the transcript. Genes in bold are differentially expressed between DA and PVG in day 7 post-immunization ex vivo LN cells and/or in MOG re-stimulated conditions (49) . Table S6 ) correlated with serum anti-MOG total IgG levels day 35 p.i. (r ¼ 0.24, P ¼ 0.003) and was functionally enriched for the regulation of p70S6K, a serine/threonine kinase in the PI3 kinase pathway.
In conclusion, we identified several gene networks involved in specific immune-related pathways that are presumably of importance or crucial for both EAE and MS pathogenesis and 
The first column gives the name of the previously mapped EAE QTL (See Supplementary Material, Table S5 for related publications). The QTLs given in bold displayed linkage in 421 BC rats, encompassing 150 rats used for eQTL mapping. eQTLs were selected to have a logarithm of odds (LOD) score ≥ 3.9 and a genome-wide corrected P-value ≤0.05 (generated with 1000 permutations). Cis-eQTLs were considered those having no genetic marker between the peak of the linkage score and the chromosomal region coding the transcript. Genes in bold are differentially expressed between DA and PVG in day 7 post-immunization ex vivo LN cells and/or in MOG re-stimulated conditions (49) . which indicate partial genetic regulation by loci that predispose for EAE. Additionally, the co-expression analyses provided novel insights in the cause -effect interactions of several genes that have not previously been linked to immune related pathways. Furthermore, the approach of integrating clinical data in the analyses distinguished molecular responses important at different stages of disease. For instance, we defined networks of interacting genes that correlated with duration and IgG levels, respectively. Any genetic difference in individuals that could modulate the defined molecular pathways could potentially influence susceptibility to EAE and MS.
DISCUSSION
The eQTL approach can facilitate identification of candidate genes (6, 14, 15 ) and in the current study our whole-genome approach identified genetic differences between two inbred rat strains that contribute to the expression of individual genes. We detected a number of cis-eQTLs that overlap established EAE QTLs that warrant further biological characterization.
The co-localization of a cis-eQTL and an EAE QTL makes it an attractive novel positional candidate for the causal relationship between the disease phenotype and the regulation of the transcript. We identified several cis-regulated positional candidate genes in EAE QTLs including Ifit1 (Eae7), Atg7 (Eae20-22), Klrc3 (eEae22) and Mfsd4 (Eae17). We have previously described these genes as being differentially expressed between DA and PVG in ex vivo LN cells and/or in MOG re-stimulated lymphocytes at day 7 p.i. of EAE (49) . Ifit1 is induced in response to stimuli such as LPS, IL-1 and TNF (50,51) and has been described among genes that could best predict the response to IFN-b treatment in MS patients (52) . Atg7 is involved in macroautophagy, an intracellular pathway that regulates quantity and quality of organelles and proteins. Autophagy has recently been linked to both innate and adaptive immunity (53) . Klrc3, encodes an activating NK cell receptor, and NK cells are suggested to confer a disease-protective role in MS and EAE (54) (55) (56) . Mfsd4 is a transmembrane transporter of the MFS. MFS proteins are the largest group of secondary carriers in the cell and transport small solutes by using chemiosmotic ion gradients (57, 58) . The availability of whole-genome Figure 2 . Gene network enriched for T cell functions shows strong correlation with EAE. Expression traits with neighboring locations are drawn next to each other. eQTLs are indicated by their rat chromosome location on a second line and cis-eQTLs are indicated in white. eQTLs within EAE QTLs are indicated by a grey box with the QTL name listed in parentheses. Predicted hub genes are presented in yellow and the black arrow heads indicate a directed interaction. Plus and minus indicate association to EAE phenotype. Genes with a higher disease association are placed to the right, whereas causative genes are placed toward the left.
expression profiles provides the opportunity to explore the role of genes with as yet unknown molecular function. This can be achieved by investigating interacting molecules or pathways the gene of interest correlates with. Our analysis identified several candidate genes that can serve to generate novel hypotheses and study of the function of these proteins in EAE and MS pathogenesis.
We additionally identified highly significant cis-regulated eQTLs that do not overlap with known EAE QTLs but could still denote functions important for autoimmunity. Particularly interesting are family members of genes that associate with MS including Rgs4, Cyp2r1, Tmem184a, Zfp61 and Slc27a3. Rgs4 is a member of the protein family of negative regulators of G-protein signaling (RGS) which deactivates G protein coupled receptor signaling (59, 60) . This signaling was associated with gene network B that correlated negatively to EAE severity phenotypes. The RGS protein family is highly regulated at the transcriptional level and up-regulation of certain RGS proteins decreases immune cell migration and reduced chemokinedependent calcium flux. Interestingly, these are emerging as potentially important drug targets. Our functional analysis associated Rgs4 with cell proliferation, cell migration, integrin and endocytosis signaling. Another family member of RGS, Rgs1, is associated with MS and is suggested to have a role in immune cell regulation. Cyp2r1 associated with B cell functions and signaling and Tmem184a with migration of cells (Supplementary Material, Table S3 and S4). Zfp61 is associated with the organization of the ER and autophagy of cells. The SLC superfamily of transporters is responsible for the uptake of amino acids, peptides, ions, hormones and drugs (61) and SLC mRNA levels are dysregulated in inflammatory bowel disease patients (62) . Further studies on the functions and pathways affected by MS family member genes identified in this study could add to the understanding of the genetic contribution of susceptibility and/or pathogenesis of autoimmune diseases.
Several cis-eQTLs are genes with a recognized role in the immune system. Ccr6 has previously been demonstrated to play an important role in the mechanism of autoreactive lymphocyte priming and migration to the efferent lymphatics (63) , implicated in the migration of lymphocytes to the CNS (64) and has been associated with Crohn's disease and rheumatoid arthritis (47, 65) . Tgfb2 is a potent immunosuppressive cytokine that ameliorates EAE and has been associated with remissions in MS. However, cases of nephrotoxicity in clinical trials (66) ruled it out as a treatment alternative for MS patients. Ifitm6 is part of a family of genes that are induced by IFNs (67) and encode cell surface proteins that modulate cell -cell adhesion and cell differentiation. Transcripts in Network A were uploaded into the ingenuity pathways application (Ingenuity Systems, www.ingenuity.com). The software was used to identify the most significant pathways.
a Ratio refers to the number of molecules in a given pathway that meet cutoff criteria, divided by the total number of genes that map to the canonical pathway.
b
Genes in a given pathway that meet cutoff criteria. Significance was determined from a single test P-value calculated using the right-tailed Fisher's exact test.
d
Adjusted significance was determined from multiple test-corrected P-values using the Benjamini-Hochberg correction (top five categories reaching a corrected statistical significance of ≤0.05 are shown). Genes can exert a control over the expression of another gene or a set of genes, which are referred to as trans-eQTLs. In our study, the sensitivity to detect trans-eQTLs has greatly been increased by the use of a BC population originating from two inbred strains and Affymetrix Gene arrays that provide comprehensive genome coverage with multiple probes per each transcript. More than 70% of eQTLs displayed regulation in trans at a genome-wide corrected P-value of ≤0.05, which conforms to previous studies in inbred rodent strains (14, 68) . The trans-band on RNO17 overlaps Eae23a, which we previously demonstrated to control EAE severity in a congenic strain (26) . Although this trans-band was not significantly enriched for functional pathways, we observed regulation of many small RNA genes such as nucleolar and spliceosomal RNAs, previously implicated in epigenetic regulation (31) and alternative splicing (32), respectively. Trans-regulation can denote a genomic location of a master regulator of transcription (16) . A transcription factor, Zeb1 (69), known to regulate the IL-2 pathway (70, 71) that is crucial in MS and EAE, is encoded in Eae23a. In addition, we have previously demonstrated that the balance between splice variants of Zeb1 driven by Eae23a could influence the regulation of EAE (26) .
With the recorded clinical and molecular parameters during the full EAE experiment (susceptibility, severity and molecular phenotypes), we defined clusters of gene networks that had a direct relation to clinical characteristics of disease. Thus, although our study in chronic stage of EAE does not necessarily address early molecular events that control susceptibility, a possibility to correlate gene expression with clinical phenotypes provides a major benefit in defining genes and pathways that are related to the disease (and not just a consequence of genetically driven expression differences between the strains). Moreover, defining pathways that regulate chronic stage of disease might have better translational prospects considering that all interventions in MS occur long after the onset of disease. The identified genetically driven pathways that regulate susceptibility to autoimmune disease primarily involved T cell activation pathways, G protein coupled receptor and IFN signaling. The most positively correlated network to EAE susceptibility and severity, gene network A (Fig. 2) , associated with molecular functions including T cell-mediated immune mechanisms. EAE and MS are described as being T cell-mediated since adoptive transfer of T cells can induce disease, T cell infiltrates are evident in EAE and MS lesions (72) (73) (74) (75) and that the major genetic determinant of both MS and EAE is the HLA/MHC. Thus our unbiased way of defining functions central in EAE conform to previous knowledge about central mechanisms in autoimmune inflammation, indicating that these mechanisms are partially genetically regulated, as implicated in the MS GWAS.
Themis, Lef1, Lck, Satb1, Crtam and Itk were identified in network A, which strongly correlated with EAE susceptibility and severity and associated with molecular functions including T cell-mediated immune mechanisms. Cis-regulated Themis act through TCR signaling and has recently been reported to control Treg functions and susceptibility to intestinal inflammation (76) . In network A, Themis was determined to directionally interact with the lymphoid enhancer-binding factor 1 (Lef1) that binds to a functionally important site in the TCR-a enhancer. In turn, Lef1 was in our co-expression analysis predicted to interact with Lck, known to play a key role in the TCR signal transduction pathway. Lef1 also interacted with Satb1, a genome organizer Figure 3 . Gene network associated with GPCR signaling correlates negatively with EAE. Expression traits with neighboring locations are drawn next to each other. eQTLs are indicated by their rat chromosome location on a second line and cis-eQTLs are indicated in white. eQTLs within EAE QTLs are indicated by a grey box with the QTL name listed in parentheses. Predicted hub genes are presented in orange and the black arrow heads indicate a directed interaction. Plus and minus indicate association to EAE phenotype. Genes with a higher disease association are placed to the right, whereas causative genes are placed toward the left. that regulates chromatin structure and gene expression, known to be crucial for the phenotype and function of Tregs (77) .
The T-cell-specific HMG box transcription factor family member Tcf7, also part of network A, is a transcriptional activator for genes involved in immune regulation (78) . The encoded protein can bind an enhancer element and activate the CD3E gene that is part of the T cell receptor-CD3 complex. We also found a directed interaction between cytotoxic and a regulatory T cell molecule (Crtam), found to influence the adaptive immune response (79) , and the IL-2-inducible T cell kinase (Itk), which is thought to play a role in T cell proliferation and differentiation (80) . Lef1 and the hub gene phosphodiesterase 3B (Pde3b) interacted with Cd40l expressed on activated T cells. Cd40l is a costimulatory molecule and induces activation in APC by binding to Cd40.
Utilizing information about clinical EAE development (disease status, severity and onset) enabled predictions regarding the direction of interactions demonstrating a causal relationship associated with the development of a clinical phenotype. Additionally, our analyses can serve to reveal novel players that influence specific molecular pathways. For instance, in the gene network associated with T cell functions, the co-expression analysis predicted that Mfsd4 would interact, in a directed causal -effect relationship Pde3b. Pde3b is an enzyme that hydrolyzes cAMP for cell metabolism and has been shown to be regulated downstream of Foxp3, by direct binding, to support Treg homeostasis and lineage stability (81, 82) .
We identified a gene network highly associated with IFN signaling pathways which included STAT transcription factors, interferon regulatory factors and IFN-induced downstream signaling molecules. A first-line therapy for MS is IFN-b, a type I IFN, although the exact molecular mechanism of action of the drug is still poorly understood. Mx1 and Mx2, part of the network, can be used as biomarkers for monitoring response to interferon therapy in patients (83) . Mx2 expression is regulated in cis on RNO11, and in IPA we found Mx2 to associate with IFN signaling and activation of IRF by cytosolic pattern recognition receptors, attraction of NK cells, homing of T lymphocytes Tables S3  and S4 ). In gene network C, we also recorded the nuclear body proteins (Pml and Sp110) that regulate genes involved in the immune response (84) . Pml acts as a transcriptional co-activator with p53 (85) . p53 has previously been reported to interact with Wwox (86), a cis-eQTL on RNO19. WW domain-containing proteins are involved in protein degradation, transcription and RNA splicing. The network associated with IFN signaling included several T cell chemoattractants (Xcl1, Cxcl9 and Cxcl10). Xcl1 is a cytokine that attracts T cells and is expressed in activated thymic and peripheral blood CD8 + T cells (87, 88) . Cxcl9 and Cxcl10 are induced by IFN-g and execute their chemotactic functions by interacting with the chemokine receptor Cxcr3.
In conclusion, our well powered and unique study of the non-MHC influences on gene expression generates hypothesis of molecular pathways that are genetically regulated and predispose for EAE. We detected cis-regulated transcripts, both in EAE QTLs and outside, which may play important roles in regulating key mechanisms in both EAE and human disease owing to a large overlap of genes and functions. These can serve to generate novel hypotheses useful in further dissecting pathogenic molecular mechanisms that are dysregulated during chronic autoimmune inflammation. In addition, the gene network analyses denoted genes linked to functional pathways and described their importance in regulating clinical traits of disease. We demonstrate how MS risk genes translate well to EAE and efforts should now be put into combining clinical and experimental research to evaluate candidate genes and to functionally study their mechanisms of action. Ultimately, these integrated findings can provide insight to possible diagnostic and prognostic biomarkers or potential therapeutic interventions for autoimmunity.
MATERIALS AND METHODS
Experimental subjects
DA rats were originally obtained from the Zentralinstitut für Versuchstierzucht (Hannover, Germany) and MHC-identical PVG.1av1 from Harlan UK Limited (Blackthorn, UK). Colonies have thereafter been established at Karolinska Institutet (DA/ Kini and PVG.1av1/Kini). A (DA × PVG.1av1) × DA BC population was established. In short, to create the F1 generation, four breeding pairs with DA female founders were established. The N2 generation was bred from eight breeding pairs, with DA females or males crossed to F1 males and females, respectively. Four N2 litters, 421 BC rats (213 females and 208 males), were subjected to MOG-EAE in four separate experiments, referred to as experimental sets. Out of 421 immunized BC rats, splenic RNA was extracted from 347 rats (182 females and 165 males) that survived until day 35 p.i. All 421 BC rats were used to map EAE pQTLs, which are indicated in Supplementary Material, Table S5 and the details of mapping will be reported in a separate study (Stridh et al., unpublished data) . To minimize variability introduced by experimental sets and increase mapping power, we decided to perform genome-wide expression analysis in one sex; male rats were selected due to less variability between experimental sets. Out of 165 males, 150 selected rats represent similar susceptibility and severity, and all breeding pairs and experimental sets as the full set of 165 rats. All animals were bred and housed at the Karolinska University Hospital (Stockholm, Sweden) in 12 h light/darkand temperature-regulated rooms in polystyrene cages containing aspen wood shavings where they had free access to standard rodent chow and water. Rats were tested according to a healthmonitoring program at the National Veterinary Institute (Statens Veterinärmedicinska Anstalt, SVA) in Uppsala, Sweden.
Induction and clinical evaluation of EAE
Recombinant MOG, amino acids 1 -125 from the N-terminus, was expressed in Escherichia coli and purified to homogeneity by chelate chromatography as previously described (89) . 421 BC rats, between 10-14 weeks of age, were anesthetized with isofluorane (Forene, Abbott Laboratories, Abbot Park, IL, USA) and immunized with a single subcutaneous injection at the dorsal tail base with 200 ml of inoculum containing rMOG (12.5-15 mg/rat in females and 25-30 mg/rat in males titrated in order to achieve similar disease severity/induction) in saline emulsified in a 1:1 ratio with incomplete Freund's adjuvant (Sigma Aldrich, St Louis, MO, USA). Rats were monitored daily for weight and clinical signs from day 8 until 35 p.i. The clinical score was graded as follows: 0, no clinical signs of EAE; 1, tail weakness or tail paralysis; 2, hind leg paraparesis or hemiparesis; 3, hind leg paralysis or hemiparalysis; 4, tetraplegia or moribund; 5, death. Clinical parameters were assessed and used in the analysis: EAE, incidence of EAE; ONS, onset of EAE (day p.i. of first clinical sign); DUR, duration of EAE (number of days subjects showed clinical signs of EAE); MAX, maximum EAE score during the experiment; SUM, sum of all scores during the experiment; s35, EAE score on day 35 post immunization (p.i.) (last day of experiment when spleen tissue was collected for expression analysis); WL, weight loss (calculating the percentage of weight loss between lowest weight throughout the experiment and day 8 p.i.). At day 35 p.i., 347 rats were sacrificed and spleens were collected, snap-frozen and stored in 2708C until use. Spleens from the remaining 74 animals were not collected due to decease prior to the end of experiment. In the BC experiment, 60.4% of all rats were affected with EAE (average maximum clinical score ¼ 2.46). Of individuals still included in the experiment at day 35 p.i., 61.8% were still affected at the end of experiment (average clinical score at day 35 p.i. score ¼ 2.05). Anti-MOG antibodies were measured at the onset (day 12 p.i.) and chronic phase of EAE (day 35 p.i.) as previously described (90) .
DNA isolation and genotyping
Genomic DNA was prepared from tail tips of the BC population as described previously. Information about polymorphic microsatellite markers for the BC (118 markers evenly spaced throughout the genome with an average inter-marker distance of 20 cM) was retrieved from Ensembl Genome Database (http:// www.ensembl.org v.50-62) (91). DNA amplification was performed with PCR using forward primers end-labeled with a fluorescent dye (VIC, NED, FAM or PET) with products run on ABI 3730 capillary sequencer and analyzed with GeneMapper v3.7 (Applied Biosystems, Foster City, CA, USA). Primers were obtained from Eurofins MWG Operon (Ebersberg, Germany), Applied Biosystems or Proligo (Paris, France). All genotypes were evaluated manually and quality assessed by two independent observers.
Expression analysis
One hundred milligrams of splenic tissue from each of 150 BC rats was disrupted using Lysing Matrix D tubes (MP Biomedicals, Irvine, CA, USA) in a FastPrep homogenizer (MP Biomedicals). mRNA was extracted using an RNeasy mini kit according to the manufacturers protocol (Qiagen, Hilden, Germany), including on-column DNA digestion. RNA concentration and purity was determined through measurement of A260/A280 ratios with a NanoDrop ND-1000 Spectrophotometer (NanoDrop Technologies, Wilmington, DE, USA). For 150 BC male rats selected to represent all breeding pairs and sets, whole-genome expression profiles were determined with Affymetrix Rat Gene 1.0 ST Array (Affymetrix, Santa Clara, CA, USA). Confirmation of RNA quality was assessed using the Agilent 2100 Bioanalyzer (Agilent Technologies, Santa Clara, CA, USA). Target labeling, array hybridization and washing and staining were performed as described in the GeneChip Whole Transcript (WT) Sense Target Labeling manual (http://www.affymetrix.com). Arrays were scanned in the GeneChip Scanner 3000 7G (Affymetrix). Affymetrix cell intensity (CEL) files from scanning were analyzed with Affymetrix Expression Console (EC, version 1.1). The following settings were used: Summarization: probe logarithmic intensity error (PLIER) described in the Guide to probe logarithmic intensity error (PLIER) estimation (http://www.affymetrix.com); Background correction: PM-GCBG and Normalization: Global Median. The microarray data are available in MIAMEcompliant (minimal information about a microarray experiments) format at the ArrayExpress Database (http://www.ebi. ac.uk/arrayexpress) (92) under accession code E-MTAB-784.
Linkage and statistical analysis
For the BC, genome-wide linkage analysis was performed for 27342 expression traits with a set of 118 genetic markers using the Haley -Knott regression model in R/qtl version 1.14 (93), to generate maximum base 10 logarithm of the likelihood ratio of odds (LOD) scores. Logarithmic values of all molecular quantitative traits (transcript expression) were used as an input for R/qtl and analyses were performed independently for several clinical phenotypes to act as covariates as well as single QTL scans for all covariates and pairs of covariates. Genome-wide significance (P-value ≤0.05) was generated with 1000 permutation tests (94) . Physical locations of probe sets were obtained from Ensembl version 55 or from Affymetrix (http://www.a ffymetrix.com) and the transformation of cM to Mb was determined with R/qtl. The physical positions (Mb) were retrieved from Ensembl, either directly or by sequence similarity searches with the oligo sequences. For arbitrary cM, the density of the markers was considered sufficient (95) to allow a linear interpolation between the physical positions of flanking markers. Computations and their interpretation were orchestrated with the interactive QTL system (TIQS. http://tiqs.it), where data are available. eQTLs were defined as cis when there was no genetic marker between the peak of the linkage score and the chromosomal region coding the transcript. Other eQTLs were considered being regulated in trans. Genomic locations were obtained from genomic assembly Rnor3.4. For pathway analysis in IPA, significance was determined with the right-tailed Fisher's exact test and adjusted significance using the Benjamini -Hochberg correction. Venn diagrams are based on the gplots R package version 2.11.0.1 (http://CRAN.R-project. org/package=gplots).
Due to the polygenic nature of EAE, we used a multiple-QTL model, i.e. forward selection followed by backward elimination in R/qtl version 1.14 (93) , to identify EAE QTLs in 421 BC rats, encompassing 150 rats used for eQTL analysis (Supplementary Material, Table S5 ). Similar results were obtained using HaileyKnott regression (data not shown). EAE QTL analysis was also performed in 150 rats used for eQTL analysis using the HaleyKnott regression method in R/qtl version 2.12 (93) . Nominal P-values were used to report EAE QTLs in 150 rats due to prior evidence from 421 BC rats and additional independent studies (Supplementary Material, Table S5 ).
Functional association analysis and network analysis
Molecular functions and canonical pathways were evaluated with the ingenuity pathways application (Ingenuity Systems, www.ingenuity.com). The functional and canonical pathways (disease-specific pathways were not included) analysis identified the molecular functions and pathways, respectively, from the Ingenuity Knowledge Base that was most significant to the uploaded data set. For analysis of transcripts correlated to cis-eQTLs (Pearson's correlation coefficient r . 0.40 or r , 20.40), the experimental set 1 was excluded due to significant deviation from other sets (the induction dose of 30 mg/rat was used for set 1 males, whereas other sets were induced with 25 mg/rat).
Gene networks were provided by TIQS, created on the basis of WGCNA (35) . The Pearson correlation coefficient was used to determine the association of a gene network with clinical EAE phenotypes. Gene network analysis in combination with the clinical parameters measured for each individual in the EAE experiment was used to predict a causal relationship between genes. Directions indicate the gene that is observable to differ in its expression level from healthy individuals after longer disease duration. Directed associations were determined with the use of clinical parameters for all predicted gene interactions and hub genes in the eQTL data as inferred from an association of the gene expression levels with the onset of the disease phenotypes (Gupta et al., unpublished data). The arrows point to the gene that changes its expression at a later stage of the disease. To determine the direction, the expression levels were compared with the onset and the severity. From the onset, the duration of the disease is derived. Every gene is assigned an average score across all individuals to reflect if the expression levels are changing with the duration of the disease, with the strength of the phenotype contributing to the scoring. The directions follow the gradient of that score.
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